
Attention Mechanisms for Jigsaw Puzzle Solving

The research project on Attention Mechanisms for Jigsaw Puzzle Solving aims to explore the use of 
attention mechanisms in deep learning models to enhance the performance of solving jigsaw 
puzzles. Attention mechanisms enable the model to focus on important puzzle piece relationships 
and guide the rearrangement process effectively. This project could investigate techniques such as 
self-attention or spatial attention to achieve this goal.

1. Self-Attention Mechanism: Self-attention, also known as intra-attention or soft attention, is a
mechanism that allows a model to focus on different parts of the input when making 
predictions. This research project could explore the application of self-attention in jigsaw 
puzzle solving. By incorporating self-attention into the deep learning model, the model can 
attend to relevant puzzle piece relationships and prioritize important spatial dependencies. 
This attention mechanism helps the model capture long-range dependencies and learn 
contextual relationships between puzzle pieces.

2. Spatial Attention Mechanism: Spatial attention focuses on capturing spatial relationships 
between different parts of an image. This research project could investigate the use of spatial
attention in jigsaw puzzle solving, where the model learns to attend to specific regions of the
puzzle image during the rearrangement process. By incorporating spatial attention, the 
model can identify critical puzzle piece relationships and attend to regions where 
rearrangement is required. This attention mechanism assists in effectively guiding the model 
towards the correct arrangement.
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